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Background
•	 Generative AI platforms may streamline multiple facets of medical 

communications, including literature searches, content generation, and 
summarization tasks1-3 

•	 The International Society for Medical Publication Professionals (ISMPP), 
the International Committee of Medical Journal Editors (ICMJE), and the 
Medical Affairs Professional Society (MAPS) recommend transparent use of 
generative AI4-6 

	— ISMPP, ICMJE, and MAPS insist that human accountability and oversight 
are necessary to ensure accuracy

	— ISMPP and MAPS recommend using AI to enhance accessibility for 
patients and to bridge language barriers but provide warnings to correct 
for AI bias

Objective
•	 To evaluate the accuracy and accessibility of AI-generated plain language 

summaries and therapeutic area summaries

Research Design and Methods
•	 The free versions of 5 generative AI platforms (ChatGPT 3.5, Claude, Google 

Bard, Copilot, and scite) were prompted to generate plain language summaries 
of a clinical study7 and therapeutic area summaries about plaque psoriasis
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Generate a 250 word fifth grade level plain language summary from 
the attached article.

Plain language summary

”“

Therapeutic area summary

Generate a 600-word summary of plaque psoriasis including 
characteristics of the disease, epidemiology, pathophysiology, 
symptoms, current therapeutic options, and emerging therapies. 
Include in-text citations and references. Format the summary and 
references using American Medical Association (AMA) style.”

“

aRe-branded as Google Gemini in February 2024.
bAccuracy was scored by a Senior Scientific Technical Editor.
cAccessibility was scored by a Senior Medical Editor. References were excluded from evaluation.
dContent thoroughness for each therapeutic area summary was scored by 2 Senior Medical Writers who had previous experience in plaque psoriasis. 
For standardization between evaluators, 3 review articles8-10 were chosen a priori to compare content with each therapeutic area summary.
AI, artificial intelligence.

Conclusions

Plain language summaries
•	 Good accuracy across platforms
•	 Frequent errors in flow and meaning
•	 Occasional misinterpretation of key 

messages

Therapeutic area summaries
•	 Varied accuracy across platforms
•	 Fabricated and low-quality references and/or 

plagiarism from several platforms
•	 All platforms struggled with in-text citations 

and style guidance

Recommendations
•	 All platforms failed to meet medical communication 

standards of accuracy and accessibility
•	 Outputs require rigorous verification by humans
•	 AI may be useful as a starting point for generating 

ideas in the prewriting stage

Limitations
•	 Only free versions of the AI platforms 

were used

•	 There were no further interaction 
with the AI platforms beyond the 
initial prompt
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Can generative AI platforms Can generative AI platforms 
create effective plain language create effective plain language 
and therapeutic area summaries and therapeutic area summaries 
while adhering to medical while adhering to medical 
communications standards for communications standards for 
accuracy and accessibility?accuracy and accessibility?

Results
Plain language summaries
High summarization accuracy across platforms with occasional 
misinterpretation of key messages
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Frequent editorial errors across platforms limited accessibility

Copilot and scite had the highest usage of real references from 
reputable sources but frequently plagiarized content

Compared to plain language summary results, editorial errors were 
generally low

ChatGPT, Claude, and Bard generated comparably mediocre content

 

Data points without error bars represent an absence of variability in scores across the individual data points within the group.
SD, standard deviation.
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